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- Train a model on a sequence of fmount et outerBomand
éz funithOGRADUAL-FT(Di, Do, M°, S) datasets, each of which would be TiglD TrgC AmID AmC
3 for amount in S do |ncreaS|ng|y difficult to learn on its No FT (Ar) 21.77 5'97.02 47.76 4§.33
4 tet+1 own due to its small size. NoFI (uixey 6412 3948 465 Adal
X _ One-stage FT 63.61 59.88 46.79 43.44
g' g% « SAl\gLB(gé !, amount) Gradual FT 6629 6287 4811 4421
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7. M TRAIN(M L, DY, . ) - At each stage, we increase the i
B e foth similarity between the current Conclusions
return i i Gradually fine-tuning in a multi-stage process can:
10: end function domain and the target domain, y g gep

- yield substantial gains over one-stage FT
- be applied without modifying the model or objective

which enables the model to
potentially better fit the
distribution of the target domain.
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